The 22nd Annual Conference of the Japanese Society for Artificial Intelligence, 2008

313-10

Jooooo:ggbooobogood

Self-observation Principle: Mathematical Framework of Recognizing Others

ogogHt
Takaki Makino

0000 000000000

OO0 OO *

O

Division of Project Coordination, Tokyo University

Kazuyuki Aihara

“0000 0000000

Institute of Industrial Science, Tokyo University

We briefly describe mentalizing, or understanding others’ mental states, in an active research area of cognitive
science. To overcome inaccessiblity of others’ mental states, theoretical studies assume some mentalizing mechanism
in the brain, including simulating others’ behavior within knowledge of behavior of the self. We also present our
computer-simulation study that tackles the role of mentalizing in a social environment, which examines behavior
of agents based on reinforcement learning in Iterated Prisoners’ Dilemma games. The results show that agents
that choose actions using the estimated policy (corresponding to the mental state) of the co-player, achieve higher
cooperation rates than control agents do, which choose actions using only the expected action of the co-player, or

only the recent history of game plays.
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