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A Mechanism of Rule Abstraction Through Interaction With Environment
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A higher organism is able to grasp and reorganize not only the surrounding environment through sequential interaction but
a rule underlying it. This ability is one of the important components that provide the flexible adaptability of the organism. In
this research, we propose a neural-network based reinforcement learning model that learns to choose best actions based on
abstracted state transition rules, which is also learned from interaction.
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